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12.6% 16.8% 36.9% 21.9% 11.8% 

 





1  
 

 

 

† 
 

‡  
§ 



2  
 

 
2022

 

 
 

2022
 

15

 



3  
 

 

 
 

2003, 
2005 2022

 

 
 

 

2003, 2005

10
1

1
2 1 1,2

0
 

 

2021
 

 

SNS (Facebook, Twitter, LINE, 
Instagram ) 

 



4  
 

 
 

2021 2022
 

 

 
 

SPSS 
Statistics 25 IBM Excel

Microsoft  
 

2/3
70 70

2

60.8

 

44.2
41.6 8

 

 



5  
 

11.3
68.8 8

 
2

 

2005 2022

9 3
 

1 3
3  

 

10

 2003

52
3

 
 

 

97  

 

6 8

 
 

 

9

SNS(Facebook, 



6  
 

Twitter, LINE, Instagram )

 

 

61.6%
32.5%  

94 3  

4

 

30.3 40.3
7

5  



7  
 

2022

 2021

 

2003

 

Web
9

2

 

 

7 5

73.5

61.9
57.0

56.4

2020
60

5.1 1.4

 2023

3



8  
 

4

 

 

Ota A., et 
al. 2018 Nagahata 
T. et al. 2018 2019

 



9  
 

















































 

Changes in Workplace Accident Recognition 
for Brain/ Heart Disease Patients 

 
Hiroki SATOH* 

 

 

 

Abstract 
The certification of workplace accidents essential to assuring worker safety. Workplace accident 

certification is divided into two types: mental disorders and brain/ heart diseases. In the past, brain/ 

heart disease was mainly attributed to overwork, and certificated by the number of overtime hours 

worked, . However, the certification process for work place accidents was revised in 2021. This 

paper reviews the revisions and what they imply for workplace accidents. 
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The Possibilities of New Businesses through e-Sports 
The Case of Villa Koshido Odori 

Masaru Kawahara* Yasuhiro Fukuzawa† 

e e

e VILLA KOSHIDO ODORI
 

VILLA KOSHIDO ODORI e

 

 
Abstract 

The "commercialization and business use of e-Sports have conventionally focused on substituting 
the sports business, such as by holding competitions and ticket sales. This paper considers the 
possibilities for new businesses that utilize e-Sports, using Villa Koshido Odori as an example. 

Using e-Sports as a concept, Villa Koshido Odori has the potential to create new demand for 
hotels, where people will travel for the purpose of staying at the hotel itself. 
 

e e-Sports Hotel management Business model
Profit structure  

                                                   
* Associate Professor, Department of Information 
Media, Faculty of Information Media, HIU 
† , Professor, Department of Business and Information Systems, 
Faculty of Business Administration and Information Science, HIU 
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Web Design for Brick Warehouse “Kurifuto” in Kuriyama Town 

Hajime Saito* Manami Sugisawa† 

2023 1

2022 10 12
2023 3

28 WordPress
 

 
Abstract 

Brick Warehouse "Kurifuto" is a community space for people associated with Kuriyama Town, 
including Kuriyama Station South Interchange Facility, which opened in January 2023. This report 
describes the official website for Kurifuto created in a student project. In October 2022, we 
conducted site visits and photo shoots of Kurifuto. In December of the same year, we released a 
teaser site before the official opening. The completed website was launched on March 28, 2023. The 
site uses WordPress, which allows easy content updates and the ability to use contact forms. 
 

Kuriyama Town Student project  
WEB Web design Content management system

                                                   
* Professor, Department of Information Media, 

Faculty of Information Media, HIU 
† Lecturer, Department of Information 
Media, Faculty of Information Media, HIU 
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Using Nudges to Reduce Food Loss 

Manami SUGISAWA* Mitsutaka YASUDA† Takashi ANBAI‡ 

(nudges)

 
 
 
 

Abstract 
A method known as "nudges" has gained attention in recent years as a way to predictably change 

people's behavior without using economic incentives or penalties. In this study, we proposed, 
implemented, and tested policies using nudges to reduce food waste at a convenience store on our 
university campus. Results from this study suggest that posters and stickers may motivate people to 
purchase food products that are close to their expiration date. 
 
 

Nudges Graphic designs Food loss  

 
* Lecturer, Dept. of IM, HIU 
† Professor, Dept. of IM, HIU 
‡ , Executive Director, HIU 
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[SEP]
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